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Abstract In this study, we propose a model consist of BLSTM (Bidirectional Long—Sort Term
Memory) layer, Attention mechanism layer, and Deep neural network to integrate frame- and
utterance-level features from speech signals model reliability analysis the labels in the speech
emotional database IEMOCAP (Interactive Emotional Dyadic Motion Capture). Based on the evaluation
script of the labels provided in the IEMOCAP database, a default data set, a data set with a balanced
distribution of emotion classes, and a data set with improved reliability based on three or more
judgments were constructed and used for performance of the proposed model using speaker independent
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cross validation approach. Experiment on the improved and balanced dataset achieve a maximum score
of 67.23% (WA, Weighted Accuracy) and 56.70% (UA, Unweighted Accuracy) that represents an
improvement of 6.47% (WA), 4.41% (UA) over the baseline dataset.
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Table 1 Specification of the proposed system

layer shape description
Fr:e?te;s:el (-1, -1, 39) FLF, mfcc
(-1, -1, 39) input shape
BLSTM 32 hidden unit
(-1,-1, 64) output shape
Attention 32 attention size
(-1,64) output shape
Utterance— (-1, 2808) HSF
level
features (-1, 32) FCN, relu
(-1, 128) FCN, relu
Merged DNN (-1, 32) FCN, relu
(-1,4) FCN, softmax
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